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Abstract— Abstract: Analytics is a domain which uses 

quantitative methods to organize, analyze and condense a 

massive amount of data. Synthesizing a large amount of data 

possessed by the organizations has been the focus of interest to 

enable informed decision making. The challenge of technologies 

used in HR is to identify data, which needs to be captured, 

modeled and predicted, to increase an organization’s 

productivity. The present research intends to study the recent 

trends in perception of usage of technologies used by 

organizations in the area of HRM. The study also focuses on the 

willingness of an individual to participate in such organization. 

This study therefore uses TAM 3 model to examine the 

determinants for technology acceptance among users.  

 

Key Words: Digital HRM, HR Analytics, Technologies in 

HRM, TMA3 Model 

I. INTRODUCTION 

The world has undergone a rapid growth in the area of 

information technology, which has led to digital dominance 

in every aspect of changes with reference to societies, 

cultures and economies around the globe. Traditionally 

technology in HR were used administratively for payroll and 

record keeping, but with the evolvement of technology it is 

being used in every walk of HRM, like recruitment and 

retirement, training and promotion, levees and compensation 

[1]. By including the digital HR perspective, HR can focus 

on shaping the workforce and to support the organizational 

growth and development [2]. Data is not new to HR domain 

as this department collects data from within and outside 

organization [3]. Organizations have begun to realize the 

power of data possessed by them and are now keen to 

synthesize these data for informed decision making [4]. 

Therefore, the present piece of research work intends to 

study the behavior intension towards technologies in the 

area HR Analytics. 

II. LITERATUREREVIEW 

The term “HR Analytics” is being defined in different 

way by various researchers [5]. HRA can be defined as “the 

systematic identification and quantification of the people 

drivers of the business outcomes, with the purpose of 

making better and informed decision” [6]  

HR Analytics is also known termed as talent analytics. It 

is combination of both data mining and business analytics 
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technique to human resource data [7].  The most important 

purpose of HR analytics is to identify the type of data [8], 

which should be taken into consideration and how to use 

this data to design model and predict, so that the 

organization gets best possible return on investment of 

human capital [9]. 

a) E-HRM: -  

E-HRM is the electronic way of executing HR strategies, 

policies and practices in organization through a direct 

support of web-technology [10]. E-recruiting, e-learning, e-

training etc. are some activities which are performed by E-

HRM that help the firm to meet their objectives [11]. E- 

HRM provides not only easy access to the data but it also 

helps the organization to meaningfully arrange and preserve 

the high-quality data. Additionally, as E-HRM assists in 

organize and reorganize data, it also brings about more 

transparent working system [11]. 

b) Artificial Intelligence and Machine Learning:  

The study of how to make computers do things that 

people are better at is known as Artificial intelligence (A.I.) 

[12]. Artificial intelligence is primarily based on symbolic 

computation to obtain meaningful information it not 

necessary that it would be just numbers [13]. Earlier 

research that using technology for HR purpose may have 

varied impact such as centralization and decentralization 

increased and decreased employee, efficacy and 

effectiveness [14] [15]. 

c) Data Mining: -  

Data mining refers to the process of identifying useful 

and valid patterns in data [16]. A previous study reveals that 

HRM constitutes important domain of data mining research 

that is dominated by method- and technology-oriented work 

[16] [17]. 

d) HR in the cloud: -  

Cloud-based HR platforms are the next HR intervention. 

In today’s world, every process is going the cloud way [18], 

therefore it is not expected from the people management to 

lag. While a few solutions are becoming popular by the day 

(Namely, Ultimate Software, Ceridian, ADP Vantage, 

Zenefits, Bamboo HR). Cloud based HR goes beyond user 

interface and engages employees with easy-to-use system 

that help people to be productive and happy at work [19]. 

Today’s cloud-based HR solutions allows organizations to 

adapt cloud delivered HR best practices to their business 

processes, so that they can maintain their organizations  
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culture a brand value with the ability to personalize the look 

and feel, workflows and language [20]. 

Theoretical background of TAM 3 

Tam model plays a significant role in the field of IT 

acceptance and its being used extensively in subsequent 

researches since its inception by [21]. Tam model has been 

applied and investigated earlier researches and it continues 

to be done by scholars. However, more and more researcher 

found faults in this model like exclusion of significant 

variables and made necessary amendments. 

Traditional information system usually makes 

programmed decision for solving organizational problem 

through formal information processing [22]. However, 

analytics provide non-programmed decision-making 

capability and they are competent for solving problems 

through data knowledge of precedent (what happened), the 

present (what is happening) and for the future (what will 

happen). This requires combination of various technological 

approaches and bridge many technical areas including 

database, machine learning, and artificial intelligence. This 

study uses TAM 3 model to investigate analytics usage as 

TAM 3 is integrated model for determinants of perceived 

usefulness and perceived ease of use [23].  

Response Time 

 Lesser response time is one of the success indicators of 

analytics. The faster the analytics response the more 

competent it is.  Set of experiments were done by [24] [25] 

to determine the importance of response time. 

Task –Driven Dimension: -  

Task driven dimension are those dimensions which are 

dependent on the nature of job of the user, the output quality 

of the result, the response time of the system and the way 

the system explain the output. 

Technology driven dimension: -  

Technology- driven dimension are those dimensions 

which emphasize on the ease of use of technology and how 

the user is comfortable in using the digitized functions. 

Self- driven dimension: -  

Self- driven dimension are those dimensions which is 

totally user centric and it depends on the user comfort and 

object usability by the user. 

Based on the literature, sub-factors have been identified 

to measure the independent variables –Perceived ease of use 

and perceived usefulness on the dependent variable – 

Behavioral Intention for the usage of digital technologies in 

the human resource management. 

 
Fig.1. Proposed Model 

III. RESEARCH METHODOLOGY 

A. Objective: 

1) To find out the relationship between perceived 

usefulness and the intention towards using the technology in 

HR. 

2) To find out the relationship between perceived ease 

of use and intention towards using the technology in HR.  

 

B. Null Hypotheses 

H1:  

There is significant positive relation between perceived 

usefulness and behavioral intention towards using the 

technology in HR. 

H2:  

There is significant positive relation between perceived 

ease of use and behavioral intention towards using the 

technology in HR. 

C. Methodology:  

Survey method was used for the current study. A 

questionnaire was developed for the same purpose. The 

items used in current study were derived from previous 

research and are modified slightly for the purpose of this 

research. This study was conducted with students who are 

doing a course in analytics and have been previously 

employed in an organization.  

D. Questionnaire development & Data collection 

Questionnaire was developed using previous research 

papers. Questionnaire was physically distributed among the 

students. The major aim of the study was to find out the 

various factors which lead to adoption of digital technology 

in HRM. The study developed 43 survey questions based on 

existing, tested and verified instruments. The scales included 

the following: Job Satisfaction, Output quality, Result 

demonstrability, Response time, Computer Self –efficiency, 

Perception of external control, Computer anxiety, Object 

Usability, Perceived Enjoyment. Each item was measured 

by 3-4 item in the questions developed through existing 

literature. The questionnaire consisted of the following 

sections: demographic data including gender, age, and 

factors affecting behavioral intension to use the digital 

HRM. This laid the foundation for future research, so a 

sample of 50 was collected for the present study. 

E. Tools and technology 

The empirical data were analyzed by using linear 

regressions. Statistical Package for Social Science (SPSS) 

was used to analyze the hypotheses generated. Variables 

were measured by using a five-point Likert scales ranging 

from (1) strongly disagree to (5) strongly agree.  The two 

independent variables taken were perceived ease of use and 

perceived usefulness and the dependent variable was 

behavioral intention of the user to use digital technologies in 

HR. 
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F. Results 

The descriptive table for the analysis showed that the 

mean and standard deviation for perceived ease of use are = 

3.57 + 0.63 (Table 1). Similarly, mean and standard 

deviation for perceived usefulness are = 3.94 + 0.61. The 

mean and standard deviation for the behavioral intention 

came out to be = 4.00 + 0.56. 

Table 1: Descriptive statistics for the study 

Descriptive Statistics 

 Mean Std. Deviation N 

BI Total 4.00000000000

0001 

.563436169819

011 

50 

PEU atotal 3.5700 .63294 50 

PU Total 3.9450 .61089 50 

 

From the co-relations table it was found that co-relation 

between perceived ease of use and behavioral intention were 

48.2% and the co-relation between perceived usefulness and 

behavioral intention was 58.8% (Table 2). 

Table 2: Correlations 

 
 

SPSS allows us to specify multiple models in a 

single regression command.  This tells us the number of the 

model being reported. From the model fit table, we come to 

know about the total no of models being reported for the 

data given.  R is the square root of R-Squared and is the 

correlation between the observed and predicted values of 

dependent variable. For this study the value of R came out 

to be 0.666 (66.6%). 

R square gives the proportion of variance in the 

dependent variable which can be explained by the 

independent variables. This is an overall measure of the 

strength of association and does not reflect the extent to 

which any independent variable is associated with the 

dependent variable. The value for the R square for this study 

is 0.444 (44.4%) (Table 3).  

Table 3: Modal summary of the study 

 

The ANOVA value for the research came out to be 

significant, and the F-value came out to be 18.74 (Table 4). 

Table 4: ANOVA table for the study 

Model Summary 

Model R R Square 

Adjusted R 

Square 

Std. Error of 

the Estimate 

1 .666
a
 .444 .420 .429087314944

838 

a. Predictors: (Constant), PU Total, PEU atotal 

b. Dependent Variable: BI Total 

The coefficient table suggested that both perceived ease of 

use and the perceived usefulness are the good predictors for 

behavioral intention of the user using digital technology in 

HRM. The sig- values obtained were 0.006 for perceived ease 

of use and 0.000 for the perceived usefulness, which are lower 

than the p-values (0.005). so, both perceived ease of use and 

perceived usefulness are significant (Table 5). 

 

Table 5: Coefficients table for the study 

 
 

 So, the final regression equation obtained from the 

coefficient table is:  

BI= 0.29(PEU) + 0.45(PU) + 1.19 (Table 5). 

We can therefore from our analysis conclude that we fail 

to reject our both the null hypothesis (H1 and H2), and there 

is a significant relationship between perceived ease of use, 

perceived usefulness and behavioral intention.  

IV. DISCUSSION & RESULTS 

It is important for the companies to know how they can 

use HR data to make their strategic personal decisions. The 

selection of software is important as the software should 

match the operations of the organization. The appropriate 

software is not that difficult to find as leading software 

developer companies such as Oracle, IBM and SAP provide 

with standard packages, which can be customized as per the 

requirement. Smaller organizations which solely work for  

development for customized HR software’s for organization 

also deliver best HR analytics software for various  
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organizations. It is also equally significant that the people 

working in HR should be able to interpret the data. The 

organizations are now addressing this issue and have started 

to manage this kind of talent shortage by hiring Big Data 

Architect/ Analyst or data scientist to work in human 

resource department. 

V. LIMITATION AND FUTURE RESEARCH 

The study provides useful findings that behavioral 

intention to use technology in HR domain depends on the 

perceived ease of use of the technology by the user. It also 

suggests that the usage of technology in the HR domain also 

depends upon the perceived usefulness of the technology in 

the HR domain. Further studies can be done to find out the 

various factors that affect the behavioral intention of the 

user to use digital technologies in HR domain.  
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