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Abstract: As social networking sites are gaining populism
acrossthe globe, people are more enthusiastic about sharing their
thoughtson Various networking Platforms. Facebook and Twitter
have become a leading destination for sharing various kinds of
information. In the existing literature the focus is to access the
information published in the networking platforms in the
real-time, and they do not focus on obtaining the geo-location of
the user. Here we propose a monitoring system that classifies the
tweets using some reliable techniques which can be used across
the globe without any security concerns. As thereis a lot of fake
newsavailablein thedigital form, thereisa definite need to access
the user information and his geo-location metrics. In this paper,
we have introduced Naive Bayes Multinomial classifier and a few
other models which performs a spatiotemporal analysis. This
study also identifies a comprehensive set of performance metrics
which can access the tweet’s country of origin by using eight
tweet-inherent features. The outcome of this analysis can be used
by various cyber-crime departments to deal with the numerous
cybercrime cases on networking platforms, and real-time decisive
actions can be taken.

Index Terms: Face book, geo-location, social networking,
Real-Time, Classification, Tweets country of origin, Message
Classification.

I. INTRODUCTION

Usage of social networks is increasing tremendously,
with the use of Facebook, Twitter, Instagram, etc. Users
companionate their feelings, thoughts, ideas, and interestsin
these sites. However, in most of the sites, we don’t have
access to the user’s information, and hence there is lack of
clear-cut location details in most of the tweets. Twitter is not
only used for chatting purpose it can also be used for sharing
the posts and give their comments about any posts, and they
can also sharetheir emotions, even health conditions, etc. [3].
Various machine learning algorithms such as Naive Bayes
and other ensemble approaches are implemented to classify
the terrorism data [4]. This methodology carries a critical
assessment of state of the fine art by testing nine geolocation
inference techniques, and all published recently in top-tier
conferences. We release an open-source geo inference
framework that includes implementations off all of the nine
methods and proposed evaluation metrics, lowering the bar
for future comparisons[5].
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But in this project, we provide a user’s location information
which can access all countries. Thereisadifficulty in making
classification of some countries which is having multiple
similarities, especially who are using Spanish and English
language.
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Figure 1. Theflow of the prediction system

II. TECHNIQUES

In this project, we are using some agorithms. They are
k-Nearest and Naive Bayes classifiers. Using thisalgorithm,
we can get the clear-cut idea of proposed techniques, and we
also do data set classification using above algorithms.

A. Naive Bayes Classifier

Sentiment and Language are some of the methods to
predict the location of the user. Naive Bayes can predict
accurately for positive sentiment. The Recal and the
precision values in the negative sentiment case are quite
low. The possible reason is that we have very less database
for testing compared to others. The accuracy for language
classification is 84% from Naive Bayes classifier. This
classifier is the best in the classification of language rather
than the sentiments. Prediction of English and creoleisvery
high (89%) whereas the prediction of the French is lower
[20].

Table 1. Percentage Accuracy For Sentiment
Classification

True True True Very True

Predicted Negative | Positive Negative Neutral Precision
Negative 228 67 41 62 57.3%
Positive 57 131 13 55 51.2%
Very |48 39 31 83 15.4%
Negative
Neutral 29 63 8 76 43.2%
Recall 63.0% 43.7% 33.3% 27.5%
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B.K-Nearest Neighbor Classifier

Sentiment and language are two types of classification.
Sentiment categorization is done using naive Bayes,
whereas the language categorization is done by k-nearest.
For both the techniques this project will predict the location
more accurately. After comparing the conclusions of both
algorithms, it isvery conclusive that the K-Nearest givesthe
best results compared to any other techniques. Language
categorization method accuracy was found to be 78%.
Hence the accuracy of the Naive Bayes algorithm is better
compared to ak-NN classifier as shown in the Table [2].

. True True True True .
Predicted Creole English French Other frecisisn
Creole 567 34 23 1 90.7%
English 48 166 3 1 75.5%
French 51 8 71 2 538%
Other 30 12 7 5 9.3%
Recall 81.5% 75.5% 67.0% 55.6%

Table 2. Percentage Accuracy For Language
Classification

C. Adaptive Algorithm Vs. Machine Learning:

In this section, the results of the adaptive algorithm were
compared with Machine learning algorithms. The comparison
results are given in the below Table. Comparison between the
precision values is made as a performance metric. Hence, we
can conclude that this algorithm performanceisthe best in all
three categories. Here we propose a polarity assignment
technique, and we can see that the performance of it is far
superior compared to the machine learning and naive based
frequency sentiment classifiers. We propose that by
embedding Al and machine learning technology in the above
techniques the overall accuracies of the system can be further
improved.

Sentiment % Accuracy of | % Accuracy % Accuracy
SENUMENt | Novel Algorithm | of Naive Bayes | of k-NN
Creole 93.0 89.1 907

English 98.2 89.1 75.5

French 69.8 60.2 538

Overall 86.8 84.6 785

Table 3. Percentage Precision For Language
Classification
I11.  Architecture

In previous papers, they mainly concentrated only on
gathering user’s information without the location details of
users. But in this study, it will access all country people
location details there is no restriction to any country.
Basically, there are 217 countries where we are using the
topmost 25 countriesin this project. The use of providing full
details of user isto reduce cyber-attacks where we can quickly
identify the person because we have the flexibility to give the
exact location information. There are many people who
addicted to social websites as they want to increase their
popularity and some other reasons. But with this algorithm,
we can save al the data of the user using twitter, and we will
do a classification according to al countries. Finally,
Streaming APIs obtain geotagged tweets and gathers people
details like name, id, time and location details are stored in
database
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Figure 2. System Architecture

IV. RESULTS

This study on geo-located tweets from users reveals insight
into their geo-location of tweets in a real-time. Testing this
study with multiple features, we found that the geo-location
accessing performance is substantially improved compared
with the existing literature. The use of geolocation of the user
to build an extensive set of data with the location located
should be widely accepted. This will be helpful for the
non-geolocated tweets having similar characteristics to use
this methodol ogy.

Figure 3. Training times on the one-month training data
set

V.CONCLUSION AND FUTURE WORK

Based on the existing literature, this is the first time that a
comprehensive study is performed to access the origin
country of the tweet in the real-time of any language. Most of
the existing literature is able to access the origin of the tweet
only to specific countries and also for particular languages
alone. Moreover, dl the current research tries to access
global tweets only limited to a specific number of cities and
limited to English language aone. Here we apply al our
agorithms on the 2 sections of data which are collected from
the Internet Achieve database. So, we are utilizing al our
agorithms on the existing data, validate the same and then use
our study in the present social networking era. This can help
the entire globe to be able to identify the new one with the
algorithm validated on the old tweets. Our study can be
further improved by developing many more cost-sensitive
algorithms which can be used in all the developed as well as
developing countries. These methods include analysing the
content and then classify the tweet. For example, few
countries talk more about cricket than football, etc. All these
algorithms embedded with Artificia intelligence which is a
very powerful tool in the 21% century can help to access the
geolocation of the tweet more accurately.
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