
International Journal of Innovative Technology and Exploring Engineering (IJITEE) 

ISSN: 2278-3075, Volume-8 Issue-8S3, June 2019 

82 

Published By: 

Blue Eyes Intelligence Engineering 

& Sciences Publication  Retrieval Number: H10220688S319/19©BEIESP 

 

 
Revised Manuscript Received on May 22, 2019.  

Jawahar Gawade, Latha Parthiban  

Ph.D. Scholar: Computer science engineering Bharath 

 University, Chennai,India. Department of Computer 

 Science ,Pondicherry University CC,India. 

 

 

Abstract:T OpinionT featureT miningT isT alsoT knownT asT 

aspectT miningT usedT toT takeT outT usersT opinions,T andT 

attitudesT towardsT aT specificT product,T servicesT andT 

theirT characteristics.T TheT mostT ofT theT existingT 

approachesT toT opinionT featureT extractionT onT miningT 

patternsT isT onlyT byT usingT aT singleT reviewT corpus.T 

ThisT paperT presentsT theT newT methodT toT discoverT theT 

opinionT featuresT fromT onlineT reviewsT byT takingT outT 

theT differenceT inT opinionT featureT statisticsT acrossT twoT 

differentT corpora,T oneT domainT specificT corpusT andT 

anotherT isT domainT independentT corpusT (i.e.T theT 

contrastingT corpus).T DomainT relevanceT isT theT measureT 

whichT isT usedT toT captureT theT disparity.T TheT domainT 

relevanceT characterizesT theT relevantT termT fromT theT 

textT collection.T Firstly,T theT sentencesT areT extractedT 

fromT theT reviews.T ThenT theT POST TaggerT isT appliedT 

toT separateT outT theT nouns,T nounT phrasesT andT 

adjectives.T NextT theT candidateT featuresT areT extractedT 

byT applyingT theT syntacticT rulesT designedT forT StandardT 

English.T ForT everyT candidateT featureT ,theT IntrinsicT 

DomainT RelevanceT (IDR)T andT ExtrinsicT DomainT 

RelevanceT (EDR)T scoresT areT calculatedT byT usingT 

DomainT dependentT andT domainT independentT corpusT 

respectively.T aT TheT intervalT thresholdT approach,T calledT 

asT IEDRT CriteriaT isT appliedT toT confirmT theT finalT 

OpinionT FeatureT inT whichT theT candidateT featureT 

havingT IDRT scoreT greaterT thanT IDRT threshold,T andT 

EDRT scoresT lessT thanT EDRT thresholdT isT checkedT . 

 

Index Terms: Opinion mining, Domain relevance, 

part-of-speech tagging, Opinion Feature 

I. INTRODUCTION 

WhatT theT userT thinkT aboutT hasT anT importantT issueT ofT 

informationT forT usT whileT takingT theT decision..T MostlyT weT 

asksT toT ourT friendT toT recommendT orT giveT opinionT aboutT 

anyT product,T service,T regardingT job,T eitherT positiveT orT 

negative.T WhatT theT userT thinkT aboutT hasT anT importantT 

issueT ofT informationT forT usT whileT takingT theT decision.T 

MostlyT weT asksT toT ourT friendT toT recommendT orT giveT 

opinionT aboutT anyT product,T service,T regardingT job,T eitherT 

positiveT orT negative. 

 

 

Figure 1: Process of Opinion Mining 

 

NowT aT daysT peopleT areT planningT toT developT aT systemT 

whichT canT beT identifyT andT classifyT opinionT orT sentimentT 

asT representedT inT anT electronicT textT i.e.T (eT -text).T ByT 

analyzingT everyT textT theT opinionT miningT systemT seeT theT 

partT whichT containsT opinionatedT word,T whichT isT toT beT 

opinionatedT andT whoT isT writtenT theT opinion.T OpinionsT 

expressedT inT textualT reviewsT areT generallyT prunedT onT 

differentT dimensions.T OpinionT miningT isT worksT atT 

documentT levelT andT featureT level.T WithT theT marvellousT 

growthT ofT socialT mediaT suchT asT reviews,T remarks,T 

commentsT andT postingsT inT socialT mediaT webT sitesT onT theT 

webT areT usedT byT personal,T privateT andT company,T forT 

takingT theT decision. 

OpinionT featuresT areT theT attributesT ofT anT entityT onT whichT 

theT opinionsT areT suggested.T TheT polarityT ofT opinionT isT 

referredT byT theT pointT ofT reference.T AT majorT researchT areaT 

inT thisT domainT isT ofT opinionT featureT recognitionT andT 

extractionT whichT hasT alreadyT beenT consideredT andT 

variousT techniquesT suchT asT NaturalT LanguageT ProcessingT 

techniquesT andT modellingT techniquesT areT proposed.T InT 

realT lifeT reviews,T theT syntacticT rulesT whichT areT usedT inT 

NLPT areT notT workingT properlyT asT theseT reviewsT havingT 

lackT formalT structure,T modellingT techniquesT whichT 
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createsT semanticT rulesT areT usedT forT coarseT grainedT 

analysis. 

1.1 Problem Definition 

Identification of opinion features are useful for decision 

making regarding product, service selection etc. In this work 

opinion features are collected by checking the difference in 

opinion feature statistics across two corpora. This work not 

only uses domain-specific corpus but also refers domain 

independent corpus for better opinion feature selection. By 

using Part -Of- Speech Tagger probable opinion features are 

extracted, which are further processed using IEDR criterion. 

II. RELATED WORK 

 VasileiosT HatzivassiloglouT andT JanceT WiebeT [2]T isT 

statedT SupervisedT classificationT methodT forT anT 

effectT ofT adjectivesT onT predictionT ofT theT 

subjectivityT ofT opinions. 

 YessenalinaT andT CardieT [4]T statedT aT 

compositionalT matrixT spaceT modelT whoseT 

mechanismT isT ofT phrase-levelT sentimentT analysis. 

 AdvantageT ofT theT thisT modelT isT thatT theT modelT 

canT manageT invisibleT wordT compositionT 

bylearningT matricesT forT thatT word. 

 ZenT HaiT andT CT YangT [5]T statedT aT modelT toT 

unsupervisedT naturalT languageT processingT toT 

discoverT theT candidateT feature. 

 TheT authorsT PangT andT LeeT [6]T usedT MachineT 

learningT algorithms.T TheT algorithmsT NaveT Bayes,T 

MaximumT entropyT classificationT andT supportT 

vectorT machineT (SVM)T whichT areT usedT forT textT 

classificationT NaiveT BayesT classificationT methodT 

classifiesT theT onT theT wholeT documentT byT BayesT 

rule. 

 

RyanT McDonaldT andT KerryT HannanT [7]T haveT statedT aT 

structuredT modelT forT classifyingT sentimentsT atT aT varietyT 

ofT differentT levelsT ofT granularityT inT thatT documentT level, 

 SentenceT levelT orT wordT levelT whichT isT alsoT calledT 

asT fineT toT coarseT sentimentT analysis. 

 LizhenT QuT andT GeorgianaT IfrimT [8]T haveT 

proposedT aT modelT basedT onT regressionT approach.T 

FromT sparceT textT pattern,T thisT methodT isT usedT toT 

forecastingT theT reviewT ratings.T TheT regressionT 

methodT proposesT anT algorithmT forT calculatingT 

opinionT scoresT fromT regressionT method. 

 W.jinT andT H.T H.T Ho,[9]T haveT plannedT theT 

supervisedT machineT learningT frameworkT thatT useT 

lexicalizedT HiddenT MarkovT Model.T TheT linguisticT 

featuresT integratedT intoT automaticT learning,T 

supportedT byT thisT frameworkT model. 

 HanshiT WangT LizhenT LiuT presentsT theT newT 

methodT thatT usesT theT similarT typeT ofT opinionT 

wordsT toT takeT outT theT featuresT itT filtersT theT noisesT 

accordingT toT mutualT supportT scoresT andT 

confidenceT score.T TheT methodT implicitT theT 

featuresT andT clustersT theT featuresT whichT areT basedT 

onT theT knowledgeT ofT theT contextT dependentT 

informationT . 

 LatentT DirichletT AllocationT (LDA)T [10]:T ThisT isT 

theT probabilisticT modelT forT collectionsT ofT distinctT 

dataT asT textT corpora.T LDAT isT alsoT calledT asT 

three-levelT hierarchicalT BayesianT model.T InT thisT 

modelT whichT everyT itemT ofT aT collectionT isT onT 

sideredT asT aT finiteT combinationT overT theT givenT setT 

ofT topics. 

 AssociationT RuleT MiningT (ARM)[11]T :T ConsumersT 

haveT commentedT onT theT miningT productT features.T 

ToT identifyT opinionT commentsT onT thatT reviewT andT 

makeT confirmT thatT isT itT eachT andT everyT opinionT 

sentenceT isT positiveT orT negative. 

 MutualT ReinforcementT ClusteringT (MRC)T [12]T :T 

TheT researchT onT feature-levelT opinionT miningT 

basicallyT believeT onT recognisingT theT explicitT 

relatedT amongT theT productT featureT wordsT andT 

opinionT wordsT inT reviews. 

III. PROPOSED SYSTEM 

3.1 Proposed system Architecture 

As shown in figure 2, this proposed system focuses on 

opinion feature identification. In this, firstly load the Review 

corpus of Domain dependent corpus and domain 

independent 

corpus. Sentences are extracted from reviews which usually 

provided with XML version. These sentences should loaded 

into array of data type String. 

Part-Of-Speech Tagging also called grammatical tagging. 

This is the process of marking up each word in a text as 

analogous to a particular part of speech which is based on not 

only its definition but its contents also. 

 

Figure 2: Proposed system Architecture 

 

ByT applyingT SyntacticT 

rulesT whichT areT inT 

standardT EnglishT languageT 
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formT givesT theT candidateT features.T DispersionT andT 

deviationT areT calculatedT usingT theT termT frequencyT andT 

inverseT documentT frequencyT (TF-IDF).T IntrinsicT DomainT 

RelevanceT scoreT isT calculatedT forT eachT extractedT 

candidateT featureT ofT domainT dependentT corpus. 

ExtrinsicT DomainT RelevanceT scoreT isT calculatedT forT eachT 

extractedT candidateT featureT ofT domainT independentT 

corpus. 

TheT IntrinsicT ExtrinsicT DomainT RelevanceT isT aT criterionT 

toT identifyT andT exactT opinionT feature.T TheT candidateT 

featureT isT consideredT asT opinionT featureT onlyT whenT IDRT 

scoreT isT greaterT thanT theT thresholdT valueT andT EDRT scoreT 

isT lessT thanT anotherT thresholdT value.T FinallyT opinionT 

featuresT areT confirmed. 

 

3.2 Algorithm 

Algorithm 1: 

Calculating Intrinsic and Extrinsic Domain 

Relevance IDR/EDR 

Input: A domain dependent / independent corpus. 

Output: Domain relevance scores(IDR or EDR). 

STEPS 

1) ForT eachT candidateT featureT do 

2) ForT eachT documentT inT theT corpusT do 

3) CalculateT weightT ; 

4) CalculateT standardT deviationT ; 

5) CalculateT dispersionT ; 

6) ForT eachT documentT inT theT corpusT do 

7) CalculateT deviationT ; 

8) ComputeT domainT relevance; 

9) returnT AT listT ofT domainT relevanceT (IDR/EDR)T scoresT 

forT allT candidateT features; 

 

Algorithm 2: 

Identifying Opinion Features using IEDR criteria. 

 

Input:T DomainT ReviewT corpusT andT DomainT independentT 

corpus 

Output:T AT validatedT listT ofT opinionT features. 

STEPS 

1) ExtractT candidatesT fromT theT reviewT corpus. 

2) forT eachT candidateT featureT do 

3) ComputeT IDRT scoreT idriT viaT AlgorithmT 1T onT theT 

reviewT corpus 

4) ComputeT EDRT scoreT edriT viaT AlgorithmT 1T onT theT 

domainT independentT corpus 

5) ifT (idri≥T ith)T ANDT (edriT ≤T eth)T then 

6) ConfirmT candidateT asT aT feature 

returnT AT validatedT setT ofT opinionT features. 

 

IV. IMPLEMENTATION DETAILS 

TheT proposedT frameworkT isT organizedT intoT followingT 

phase. 

1) POS Tagging 

2) Apply Syntactic Rules 

3) Measure IDR/EDR score 

4) Apply IEDR 

5) Extract Opinion feature 

 

4.1 POS Tagging 

A Part-Of-SpeechT TaggingT alsoT calledT grammaticalT 

tagging.T thisT isT theT processT ofT markingT upT eachT wordT inT 

aT textT asT analogousT toT aT particularT partT ofT speechT whichT 

isT basedT onT notT onlyT itsT definitionT butT itsT contentsT also.T 

TheT relationshipT withT adjacentT andT relatedT wordsT inT aT 

phrase.T ThisT workT useT openT sourceT StanfordT NLPT parserT 

forT POST.T TheT parserT isT instantiatedT withT EnglishT Model. 

 

4.2 Apply Syntactic Rules 

By applying the following syntactic rules, can identify noun, 

noun phrase, noun plural, and adjectives. The output of this 

process is taken as candidate features. 

The table shows the following rules which are used in 

Standard English language. 

 

Table 1: List of Syntactic Rules 

 

 

 

4.3 Measure IDR/EDR score 

 

AfterT gettingT candidateT feature,T theT IDR/EDRT scoresT areT 

calculatedT byT usingT theT domainT relevanceT whichT isT 

appliedT onT theT domainT dependentT andT domainT 

independentT corpusT respectively. 

 

4.4 Apply IEDR 

 

TheT IntrinsicT ExtrinsicT 

DomainT RelevanceT isT aT 
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criterionT whichT isT usedT toT identifyT andT extractT opinionT 

features.T TheT valueT ofT IDRT ofT thatT candidateT featureT isT 

moreT thanT thresholdT valueT andT valueT ofT EDRT isT lessT thanT 

anotherT thresholdT value,T thenT thatT candidateT featureT isT 

consideredT asT anT OpinionT feature. 

 

4.5 Extract Opinion feature 

AfterT applyingT IEDRT overT theT candidateT featureT 

lastlyT weT getT theT finalT featureT calledT asT OpinionT Feature. 

V. RESULT ANALYSIS 

5.1 Loading Dataset 

A user has to browse both the domains from the source 

location of the storage system. 

 

 

5.2 Apply Part-Of-Speech 

Stanford NLP is used for Part-of-speech tagging which is 

applied on the extracted sentences to tag every word of 

sentence . 

 

 

 

5.3 Collect Candidate features 

 

The part of speech tagging is applied on the collected reviews 

and a set of syntactic rules are applied to identify candidate 

features from the review corpuses. These syntactic rules 

identify candidate features properly.  

 

5.4 Final Set of Opinion Features 

By applying IEDR criterion on candidate features it will 

retrieve a set of opinion features.  

 

5.5 Result Tables 

 

Table 2: Dataset Description 

Domain Dependent #Reviews #Sentences #Features 

Corpus    

Mobile 110 305 29 

Hotel 108 364 32 

Laptop 121 337 41 

 

 

VI. PRECISION AND RECALL 

 

Table 3: Result table (Precision and Recall) 

 
Sr. 

 

No. 

Intrinsic 

Domain  

Extrinsic 

Domain 

#Features 

in 

Domain 

#Retrieved 

Features 

#Correct 

Features 

Precision Recall 

1 Mobile Hotel 29 24 19 0.79 0.82 

2 Hotel Mobile 32 27 22 0.81 0.84 

3 Laptop Hotel 41 33 26 0.78 0.80 

 

Table 3. Shows precision and recall values for different 

Corpus. By considering this values graph is constructed. 

VII. CONCLUSION 

InT thisT work,T aT novelT approachT ofT opinionT featureT 

extractionT whichT isT basedT onT theT IEDRT featureT filteringT 

criteriaT isT adopted.T ItT utilizesT theT variationT orT inequalityT 

inT distributionalT characteristicsT ofT featuresT acrossT twoT 

corpora,T theT domain-specificT andT domainT independent. 

IEDRT identifiesT candidateT featuresT thatT areT specificT toT 

theT givenT reviewT domain.T POST TaggerT isT usedT toT 

separateT theT noun,T verb,T adjectivesT etcT fromT theT sentence.T 

ByT calculatingT scoresT willT extractT theT featuresT calledT asT aT 

opinionT feature.T ThisT opinionT featuresT areT helpfulT toT 

PurchaseT aT productT andT otherT decisionT makingT tasks. 
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