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Abstract: The main arena of Software Engineering
development with ood design, development, coding, testing,
implementation, deployment of the software, finally maintaining
the software with good functionality. For the development of
software many organizations are investing more and more budget
in their revenue. Software Engineering development has several
categories of data presented in software engineering such as
Graphical User I nterface, Usage graphs, writing text, realitiesand
images. Significant information be able to be obtained from this
composite data by well recognized data mining techniques such as
association, classification, clustering etc. By discovery hidden
patterns by data mining software engineering data is madeillegal.
Software Engineering development has many objectives in
software engineering such as Code and Design optimization,
Project documentation, Development cost estimation etc. Variety
of significant data mining method in each phase of software
development life cycle supports in realizing these objectives
proficiently and the failure rate of software is decreased. . This
paper focused a new hybrid model like combination of Fuzzy
Logic and knowledge management offers a significant method for
developing models for software quality prediction. This research
paper explains about exercise of estimate and valuation at a
particular organization by developments and represents the
outcomes attained with a fuzzy based classification and knowledge
model for the fuzzy knowledge management predication for the
quality of software engineering Approach. This result illustrate
that the significance of Average Error Evaluation Efficiency
observed and used in fuzzy logic is lesser than Average Error
Evaluation Efficiency used in another regresson multiple
regression; whilethe value of prediction is higher value that other
prediction models is used before. Thus Results demonstrate that
Hybrid fuzzy knowledge management predication for the quality
of software engineering can be used as alternative for predicting
the Software Development and Maintenance Quality (SDMQ).
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. INTRODUCTION

History of Computer science, Software Quality Prediction
has been well-known Challenges for computer (Fredrick
2003). Thereisno standard techniques or methods and model
of assessment important and un expected from all developers.
For software development quality can be used some
classification methods like Fuzzy logic. It can be used for
development and significant tool for estimation; Briand and
Wieczorek, 1996). Soft computing technique likes fuzzy
logic, case based reasoning have been used by severd
researchers for estimation of development cost and time in
Software Engineering In this research paper a Hybrid fuzzy
knowledge based prediction Model for the Software
Development and Maintenance Quality in software
engineering Approach has been devel oped. Further this paper
compares estimations obtained with Hybrid fuzzy knowledge
based prediction Model for the Software Development and
Maintenance Quality in software engineering Approach. For
developing the model, three quality metrics have been
gathered for dataset collected from the projects developed by
different projects from different projects. In this paper
different quality metrics are used like Human Computer
Interface (HCI), Error Evaluation Efficiency (EEE), User
Documentation and Guideline (UDG) and Software
Maintenance.

A. Fuzzy logic

Fuzzy logic can be theorized as a smplification of standard
logic. Recent fuzzy logic existed and developing by in the
year 1960 and classic model those difficulties in which
imprecise data need to be used and derived rules of inference
are expressed in a right common method creating procedure
of diffuse types. In neura networks, fuzzy logic is an
important properties of a classification model. And gives a
more and new specific measurement and description of their
performance. It will specify that different operators and
considered as comprehensive output tasks of computing
components. Learning algorithm has been specified in fuzzy
logicisused. It offers appropriate method to make ainput and
output spaces using fuzzy rule system and it express as fuzzy
system. This research focuses and represents a classification
based on fuzzy rule based system, it has three fuzzy inputs,
namely Human Computer Interface (HCI), Error Evaluation
Efficiency (EEE) and User Documentation and Guideline
(UDG) producing one output Software Development and
Maintenance Quality (SDMQ) as
shown in Figure2.

Published By:
Blue Eyes Intelligence Engineering
and Sciences Publication

Exploring Innovation


http://www.ijitee.org/
mailto:anusuccess@yahoo.com
mailto:abel.adane@amu.edu.et
https://www.openaccess.nl/en/open-publications
http://creativecommons.org/licenses/by-nc-nd/4.0/
https://crossmark.crossref.org/dialog/?doi=10.35940/ijitee.I7623.0891020&domain=www.ijitee.org

Hybrid Fuzzy Knowledge Based Prediction Model for the Softwar e Development and M aintenance Quality in
Softwar e Engineering Approach

It uses different properties of fuzzy operators namely. OR,
AND, Negation. The edge settings define four values of the
purposein x,y plane with 45° Diagonal.

B. Fuzzy Inferencerule based system

A characteristic of fuzzy Inference system contains of 4 key
components Figure.1 presented as below

1. Fuzzification: has morphological values, and it produces
fuzzy output from non-fuzzy input. It takes like inference
mechanism

2. Knowledge base: has two important Units 1) Data base 2)
Classification rule (sets, rules for implications) Fuzzy
conditional based on rules are in declarations (implications).
3. Decision logic: its makes logical thinking and condition
derived like decision making

4. Defuzzification: It maps and produce output from fuzzy
classification to normal or non-fuzzy standards.

Fuzzification

Fuzzy [nterference Engme Output

Value

[nput
Valne

Defuzzification

Fuzzy Rule bazed and
Databaze

Fig 1. Explicate a model for valuation Fuzzy Logic

C. Knowledge management Concepts

The part of knowledge management as the important
basis for reasonable benefit in different organizations in
society, it has develop a passionately discussed subject.
Certainly, it is a essential capability aimed at generating
reasonable benefit. In this entire places that knowledge
management is dynamic and important, consequently, at
principal objective that organization should define and
identify the knowledge management condition, and then to
attain a favorite idea, express a knowledge management
policy and plan. Business and Software Companies
nowadays are fronting significant experiments and
problems such as the want to decrease the
time-to-deployment in market, the software design
development and implementation and maintenance costs, or
to manage different software products with variety of
technology. As a effect, this present condition is positively
encourages the execution of new management methods
such as knowledge management to increase and adopt the
competitive advantages in software organizations. By this
knowledge solutions we measure the qudity and
effectiveness of the software development and maintains the
quality analysis of the challenges which is meet.
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Fig 2. Explicate a model for valuation knowledge
management

In this paper, to explicate a model for valuation knowledge
management along with afuzzy Classification methodology.
Knowledge management is a multidimensional notion and
a imprecise methods. For this reason, fuzzy classification
and aknowledge-based method for the capacity measurement
and valuation of knowledge management in software
development issues.

II. LITERATURE REVIEW

Developing and Designing the project to viable growth
projects is never be new idea of real time applications. The
procedure or Algorithm to reach the main goal of viable
growth was implemented as an outcome projects [2, 3J].
Nevertheless, main problem of reaching to meet the enhanced
effectiveness and efficiency of the outcome projects in the
real-time deployment should be addressed well in good
quality. This paper is discuses about the risk, errors and
drawbacks of the recent projects and has implemented as an
outcome projects and some research are analysis the above
issue aso [4]. Hence, many research center and groups of
research scientists more focused on implementation of
advanced techniques associated with specific concernsissues
of project success rate , project risk vauation, project rank
valuation [5], some development projects also based on
quality prediction [6,7], and consequently on. This paper is
discussed about the potential resolution to diminish these
development problems and analysis about the which was
main problem area of developed projects like risk
management [8]. Some papers are focused on knowledge
management [9] and main ethics and rules were more
successfully. Taking effective success of the objective
position into explanation can be Effective project execution
absolutely. It needs constant project quality eminence
valuation, A assessment might able to complete to
well-defined outcome software projects, for model, in
software construction or engineering, where well-defined
methods of project rank valuation [10]. The stated reasons
can be avoided by implementing soft methods in successful
and well output projects to measure the project status in
milestones which with unethical and insincere approach, may
outcome in inexact and impracticable project status valuation
[11].
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The PMBOK guides explained that risk assessment and code
design development projects and defines the product of risk
existence possibility and the economic risk impact in the
project [12]. Meanwhile in numerous cases, it was
challenging to define the risk possibility assessment
straightly and to compute the risk effect rate, another
approaches of representing the standards are stated [13,
14].There are many researchers’ looks over the risk
management and issues and they concentrating the projects
over the research. The paper [21], Actually RIPRAN™
method (RIsk PRoject Analysis) has been used for the risk
assessment based on probability and influence on the project
with fuzzy approach and implemented the this approach to
find the overall risk value of the software development and
quality analysis. This paper had an idea to maintain the part
of sustainability risk assessment and quality management
project.

I11. PROBLEM STATEMENT

The development of good quality software products still its
lagging in the market and software society, there are many
factors are affecting the quality of software products.
Through this research can be identified different
nonfunctiona and functional needs to maintain the quality.

IV. PROPOSED HYBRID FUZZY KNOWLEDGE
MODEL

There are many authors seriously deal with handling project
knowledge in their research working. The paper in the area of
knowledge management, It highlighting of the significance
of post-project level application in sustainability projectsis
the influence of project development. One of the main
motives is that concentrate and constant plans are usually
executed in widely expanded project groups in different
software development. The knowledge management
ideologies shows an significant part of these projects and
guality management

Preprocessing
Fuzzy Logic

Fuzzy Interference
Model

[ Knowledge Depiction ]
[Explanauonnfi‘acihq‘} [ Rules Based KD ]

'

Hybrid Predictive System ]

Fig.3. Proposed Prediction model

V. RESEARCH METHODOLOGY

A. Metricsused

Software quality of a product is measured in terms of “fitness
of purpose” (3) (12). That is, the more a product conforms to
the requirements laid down in SRS document, the greater is
its quality. The metrics have been used Human Computer
Interface (HCI), Efficiency of Error Evaluation (EEE) and
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User Documentation and Guideline (UDG) producing one

output Software Quality (SQ) input into fuzzy classification.
The following software metrics is taken for evaluating the
quality of the software.

1. HCI (Human Computer Interface): HCI was identified
and evaluated as the comparative measurement of
prepared and clearly displayed, on arange from 0 to 10.

2. EEE (Error Evaluation Efficiency): EEE identified and
evaluated as the comparative measurement of
meaningful error messages displayed by the outcome
software, on arange from O to 10.

3. UDG (User Documentation and Guideling): UDG
evaluated as the comparative entirety of the user
Guideline and manual or help file, on arange from O to
10.

4. SDMT (Software Deployment Maintenance): SDMT
was evaluated as the comparative measurement of
deployment maintenance efficiency, on arangefrom 0to
10.

The above metrics has been analyses by the software experts

who is working in multinational software companies and

experts who can able to rank the various projects on range
that range has been taken as a predicted quality output

VI. EXPERIMENTAL RESULTSAND DISCUSSION

A. Data observation

The hundred and ten project developed by under and Post
Graduate students during their final semester were evaluated
for quality metrics. The snapshot of the projects are depicted
inTable 1.

B. Createand Methodsto Construct Fuzzy Rule

The word fuzzy construction model usually refers to the
methods and procedures for constructing fuzzy models from
data. The domin and software industry expert information in
a stated form is transformed into a conventional of if— then
rules. A certain model construction can be formed, and
factors of this construction, such as association functions and
weights of rules, can be adjusted using input and output data.
For our research presentation, we have used the Mamdani-
type fuzzy rule based system. Here a genera rule has
following format:

& Fuzzy logk Desgeer: soMpredict T =]
Fie Ede View
whoreda
N N rrare Qe \

SOFTWARE  UALITY  REDICTION

lnsnm werscesct IS Type mamdare ”
Ang metrod e - Current Varebtle
Or method [ = Name [Te
T
soat = = yoe st
Range LAl
Agaregatcn e -
|
Detuzzscaten cenvoe - [ o Ciose ]I\
IW'»W#Mlmulum ”

Fig.4. Fuzzy Logic Design of SDMQ
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Table 1. Projects|d and metrics, Human Computer In Software Quality Development, experts took each
Interface (HCI), Error Evaluation Efficiency (EEE), User  observation and estimate the Error Evauation Efficiency
Documentation and Guideline (UDG) and (SDMT) value is calculated. The aggregation of Error Evaluation
Softwar e Development and Maintenance Quality Efficiency over multiple observations from 1 to N, the
(SDMQ) (ranks) summation can be accomplished through the Average Error
Project | HCI | EEE | UDG | SDMT | Quality Evaluation Efficiency (AEEE) asfollows:
No Output 1 Y
1 8 7 8 7 745 HE’E’=$+---ZEEE*N
2 5 |4 7 8 55.5 ’ =0
3 4 > > 3 43 D. Software Development and Maintenance Quality
4 1 0 1 6 16.5 :
5 8 |8 |7 |7 765 (SOMQ) =
? g g ; g 225 (HCI * 0.3 + EEE = [].357+ UD =0.15, DMT)K 10
8 3 |2 |2 |4 27 = 0.2
9 1 1 2 3 155 A corresponding standard is the prediction at different level
10 6 S 8 8 63.5 can beidentified by above illustrations.
11 8 7 3 7 67
12 3 2 6 6 37 E. Linear regressions
13 2 2 7 5 335 In multiple regressions there are three values (autonomous)
14 1 2 7 5 30.5 can be used and represented as:
15 1 2 ! 4 285 TroiraZ) = by E5yxa + 5L_E:=11'1-T! +
C. Estimatethe Efficiency of valuation by Xpoyxg%z + by By (ag)x’

A given method is used for the prediction of software quality Where b0, b1, b2 and b3 are constants; independent
model isthe Error Evaluation Efficiency (EEE) whichisdefined  yariables, and y values of b0, b1, b2 and b3 of the multiple
asfollows: _ _ _ regressions comparison study may be obtained resolving the

| Meet quality —quality over Predicted | following system of linear equations are constants; x1, x2 and

EEE= - _ x3 ae they is the dependent variable. The multiple
Original quality regressions Calculation may be acquired solving the system
of linear Equations.

. If (HCl is wery_low) and (EEE is medium) and (UD:G is medium) and (DMT is medium}) then (SOFTWARE_QUALMY _PREDICTION is medium]) (1)

. If (HCI iz medium} and (EEE is medium} and (UDG is medium) and (OMT iz medium} then (SOFTWARE_QUALMTY_PREDICTION is medium] (1)

. If (HCl is wery_high) and (EEE is high} and (UDG is high) and (DMT is high) then (SOFTWARE_QUALMY_PREDICTION is high) (1)

If {(HCI iz medium} and (EEE is high) and (UDG iz medium) and (DMT is low ) then (SOFTWARE_QUALITY_PREDICTION is medium] (1)

. If (HCI iz medium} and (EEE is medium) and (UDG is high) and (OMT is high) then (SOFTWARE_QUALITY_PREDICTION iz medium} (1)

. If (HCl i= wery_high) and (EEE is high) and (UDG iz medium} and (OMT is medium) then (SOFTWARE_QUALMY_PREDICTION is medium) (1)

. If (HCI iz very_high) and (EEE is veryhigh} and (UDG i high} and (DMT is high) then (SOFTWARE_QUALITY_PREDICTION is high} (1)

. If (HCl iz very_high) and (EEE is veryhigh} and (UDG ig veryhigh) and (DMT ig veryhigh) then (SOFTWARE_QUALMY_PREDICTION is veryhigh) (1}
. If (HC! iz medium} and (EEE is high) and (UDG iz medium) and (DMT is high) then (SOFTWARE_QUALITY_PREDICTION ig medium) (1)

. If (HCl ie high} and (EEE is high} and (UDG is high) and (DMT ig high) then (SOFTWARE_QUALMY_PREDICTION i high) (1)

. If (HCl is low) and (EEE is verylow) and (UDG is medium} and (DMT is low) then (SOFTWARE_QUALMY_PREDICTION is low) (1)

. If (HCl is very_high} and (EEE is verylow) and (UDG is verylow ) and (DMT is verylow ) then (SOFTWARE_QUALMTY_PREDICTION is verylow) (1)
. If (HCl is lowe) and (EEE is low) and (UDHG is medium) and (DMT is medium) then (SOFTWARE_QUALMTY_PREDICTION is low ) (1}

. If (HC is very_high) and (EEE is medium}) and (UDG is medium) and (DMT is medium) then (SOFTWARE_QUALITY_PREDICTION iz medium) (1)

. If (HCl is wery_high} and (EEE is high} and (UDG iz medium}) and (OMT is high) then (SOFTWARE_QUALMY _PREDICTION iz high) (1)

_If (HCl is medium} and (EEE iz high} and (UDG is medium) and (OMT is medium) then (SOFTWARE QUALMTY PREDICTION is medium) (1)

R

e T ]
LA e LD P = O

—_
[=7]

-y
—]

Fig 5. Fuzzy RulesInterferences of SDMQ
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Fig.6. Fuzzy Rules Viewer of SDMQ

A complementary criterion isthe prediction at level |, Pred (1)
=k/N, where k isthe number of observationswhere AEEE is
less than or equal to I, and N is the tota number
ofvobservations. Thus, Pred (25) and Pred (5) gives the
percentage of projects which were predicted with a less or
equal than 0.25 and 0.05 respectively.

4.| Surface Viewer: softpredict ol [

File Edit View Options

g 2

g

SOFTWARE UALITY _REDICTION
=

X (input): Hel ¥ Y (input}: v [ £ (output) SOFTWARE... ¥
T 15 ¥ grids: 15 Evaluate
Ref. Input: [NaN Nal 5 5] leﬂt points: —1g4 ‘ ‘ Help | Close ‘ ‘

Ready ‘

Fig.7. Fuzzy Surface Viewer of SDMQ

Where b0, bl, b2 and b3 are constants; independent
variables, and y values of b0, b1, b2 and b3 of the multiple
regressions Comparison study may be obtained resolving the
following system of linear equations are constants; x1, x2 and
x3 are they is the dependent variable. The multiple
regressions Calculation may be acquired solving the
following system of linear Equations

VIlI. CONCLUSION

This research paper had proven that the design approach
practice of valuation at aindividual level by not big software
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projects means considered the small level projects and
represents the results which is acquired with a fuzzy logic
system and Knowledge management prediction model. To
conclude to maintain the project quality, the developer and
organization wants difficult as viable software development
projects and it need the application of a software
development approach and software dynamics as products of
system intelligent. To accomplish knowledge management
defines not only to confirm that information, it utilizing the
knowledge from the different quality metrics like human
computer interface and evaluating the Human Computer
Interface, Error Evaluation Efficiency, User Documentation
and Guideline and Deployment Maintenance Software and
needs to update the latest tools, techniques and continues
study which is related to maintain the good quality of
software projects and manage their implementation. In
certain, the investigation of reasons obstructing knowledge
sharing and good design buildup has to be mentioned and the
conventional reasons need to be persistently excluded. This
paper recommends that collecting more information to
maintain the important of a specified fuzzy and knowledge
management tool for software quality prediction in future
too. And other explicit metric parameters would be
encompassed in our imminent metrics for simplifying more
precise prediction. This result illustrate that the significance
of Average Error Evaluation Efficiency observed and used in
fuzzy logic is lesser than Average Error Evauation
Efficiency used in another regression multiple regression;
while the value of prediction is higher value that other
prediction modelsis used before.

REFERENCES

1

2.

10.

11.

12.

13.

Journal Website: www.ijitee.org 320

Nilsson, M.; Griggs, D.; Visbeck, M. Policy: Map the interactions
between Sustainable Development Goals. Nat. News 2016, 534, 320
Yu,M.; Zhu, F,; Yang, X.; Wang, L.; Sun, X. Integrating Sustainability
into Construction Engineering Projects. Perspective of Sustainable
Project Planning. Sustainability 2018, 10, 784.

Hardy-Vadlee, B. The Cost of Bad Project Management. Business
Journals, 7 February 2012.

Lacko, B. Evaluation of Software Projects with Mta; Vsb-Tech
University Ostrava: Ostrava, Czech Republic, 2012; ISBN
978-80-248-2669-1.

Dolezal, J. Prediction in Project Using Markov Chains. Available
online: https://www.vutbr.cz/studenti/zav-prace?zp_id=34323
(accessed on 15 March 2018).

Svirdkova, E. Methods for Project Tracking in Creative Environment.
Acta Inform. Pragensia 2017, 6, 32-59.

Rasheed, S.; Wang, C.; Lucena, B. Risk Leveling in Program
Environments—A  Structured Approach for Progran Risk
Management. Sustainability 2015, 7, 5896-5919.

Nguyen, L.H.; Watanabe, T. The Impact of Project Organizational
Culture on the Performance of Construction Projects. Sustainability
2017, 9, 781.

Relich, M. A computational intelligence approach to predicting new
product success. In Proceedings of the 11th International Conference
on Strategic Management and Its Support by Information Systems,
Uherske Hradiste, Czech Republic, 21-22 May 2015; pp. 142-150.
Naeni, L.M.; Shadrokh, S.; Salehipour, A. A fuzzy approach for the
earned value management. Int. J. Proj. Manag. 2011, 29, 764-772.
Schwalbe, K. Rizeni projektt v IT: Kompletni privodce; Vyd. 1;
Computer Presss Brno, Czech Republic, 2011; ISBN
978-80-251-2882-4.

McManus, J. Risk Management in Software Development Projects;
Routledge: Abingdon, UK, 2012; ISBN 978-1-136-36791-5.

Boehm, B.W. Software Risk Management: Principles and Practices.
Nasirzadeh 1991, 8, 32-41.

Published By:
Blue Eyes Intelligence Engineering
and Sciences Publication

Exploring Innovation


http://www.ijitee.org/

14.

15.

16.

17.

18.

19.

20.

21

22.

23.

24.

25.

26.

27.
28.

29.

30.

31

32.

33.

34.

35.

36.

37.

38.

39.

Hybrid Fuzzy Knowledge Based Prediction Model for the Softwar e Development and M aintenance Quality in
Softwar e Engineering Approach

Rudnik, K.; Deptula, A.M. System with probabilistic fuzzy knowledge
base and parametric inference operators in risk assessment of
innovative projects. Expert Syst. Appl. 2015, 42, 6365-6379.
Nasirzadeh, F.; Khanzadi, M.; Rezaie, M. Dynamic modeling of the
quantitativerisk allocation in construction projects. Int. J. Proj. Manag.
2014, 32, 442-451.

Liu, Z.-C.; Ye, Y. Models for comprehensive evaluating modeling of
investment project risk with trapezoid fuzzy linguistic information. J.
Intell. Fuzzy Syst. 2015, 28, 151-156.

Rodriguez, A.; Ortega, F.; Concepcion, R. A method for the eval uation
of risk in IT projects. Expert Syst. Appl. 2016, 45, 273-285.

Zwikael, O.; Pathak, R.D.; Singh, G.; Ahmed, S. The moderating effect
of risk on the relationship between planning and success. Int. J. Proj.
Manag. 2014, 32, 435-441.

Doskocil, R.; Skapa, S.; Olsova, P. Success Evaluation Model for
Project Management. E M Ekon. Manag. 2016, 19, 167-185.
RIPRAN—M etoda pro analyzu projektovych rizik. Available online:
http://ripran.eu/ (accessed on 30 January 2018).

Ginevicius, T.; Kaklauskas, A.; Kazokaitis, P. Knowledge model for
integrated construction project management. Bus. Theory Pract. 2011,
12, 162-174.

Matthies, B.; Coners, A. Double-loop learning in project
environments: An implementation approach. Expert Syst. Appl. 2018,
96, 330-346.

Zhang, J.; Li, H.; Wang, SH.-M. Analysis and Potential Application of
the Maturity of Growth Management in the Developing Construction
Industry of a Province of China: A Case Study. Sustainability 2017, 9,
143.

Janicek, P. Systems Conception of Problem-Solving. In Engineering
Mechanics 2017; Acad Sci Czech Republic, Inst Thermomechanics:
Prague, Czech Republic, 2017; pp. 402-405. ISBN 978-80-214-5497.
Dr. Anusuya Ramasamy, Mr. Gergito Kusse Duba and Mr.Addisu
Mulugeta. 2020. “Integrated datamining with knowledge stroke
disease”, International Journal of Current Research, 12, (04),
10948-10952.

R.Anusuya Dr. R.Uma Maheswari. “An Efficient Cancer
Classification Using mid value K-means and Naive Bayes”, Journal of
Science, Computing and Engineering Research, 1(1), 01-06, Mar-Apr
2020.

Zadeh, L.A. Fuzzy sets. Inf. Control 1965, 8, 338-353.

Chen, S.-H.; Kaboudan, M.; Du, Y.-R. The Oxford Handbook of
Computational Economics and Finance; Oxford University Press:
Oxford, UK, 2018; ISBN 978-0-19-984437-1.

Meyer, A.; Zimmermann, H.-J. Applications of Fuzzy Technology in
Business Intelligence. Int. J Comput. Commun. Control 2011, 6,
428-441. [

Tripathy, B.K.; Soorg, T.R.; Mohanty, R.K. A New Approach to
Fuzzy Soft Set Theory and Its Application in Decision Making. In
Computational Intelligencein DataMining, Cidm, Vol 2; Behera, H.S,,
Mohapatra, D.P., Eds.; Springer-Verlag Berlin: Berlin, Germany,
2016; Volume 411, pp. 305-313. ISBN 978-81-322-2731-1.

Zadeh, L.A. Fuzzy logic as the logic of natural languages. In Anaysis
and Design of Intelligent Systems Using Soft Computing Techniques;
Méelin, P., Cadtillo, O., Ramirez, E.G., Kacprzyk, J., Pedrycz, W., Eds;
Springer-Verlag Berlin: Berlin, Germany, 2007; Volume 41, pp. 1-2.
ISBN 978-3-540-72431-5.

Dostdl, P. Advanced Decision Making in Business and Public Services,
1st ed.; Akademické nakladatelstvi CERM: Brno, Czech Republic,
2011; ISBN 978-80-7204-747-5.

Doskoc¢il, R. An evaluation of total project risk based on fuzzy logic.
Bus. Theory Pract. 2016, 15, 23-31.

Fassinger, R.E.; Shullman, S.L.; Buki, L.P. Future Shock: Counseling
Psychology in aVUCA World. Couns. Psychol. 2017, 45, 1048-1058.
Zandhuis, A. 1S021500: Guidance on Project Management—A Pocket
Guide; Van Haren Publishing: Zaltbommel, The Netherlands, 2013; p.
51.

Cooper, D.; Bosnich, P.; Grey, S.; Purdy, G.; Raymond, G.; Walker, P.;
Wood, M. Project Risk Management Guidelines: Managing Risk with
1SO 31000 and |EC 62198; Wiley: Hoboken, NJ, USA, 2014.
Kerzner, H.R. Project Management: A Systems Approach to Planning,
Scheduling, and Controlling; John Wiley & Sons: Hoboken, NJ, USA,
2017; ISBN 978-1-119-16535-4.

Ariely, D. The Upside of Irrationality: The Unexpected Benefits of
Defying Logic a Work and at Home; HarperCollins: London, UK,
2010; 1SBN 978-0-00-735479-5.

McCrindle, M.; Wolfinger, E. The ABC of XYZ: Understanding the
Global Generations; University of New South Wales Press: Sydney,
Australia; London, UK, 2010; ISBN 978-1-74223-035-1.

Retrieval Number: 17623079920/2020©BEIESP
DOI: 10.35940/ijitee.| 7623.0891020

Journal Website: www.ijitee.org

321 and Sciences Publication

40. Simonin, B.L. The Importance of Collaborative Know-How: An
Empirical Test of the Learning Organization. Acad. Manag. J. 1997,
40, 1150-1174.

AUTHORSPROFILE

Dr. Anusuya Ramasamy has many achievements in
engineering and Technology in India and Abroad. She
has B.E. M.E, Ph.D. in the field Computer Science and
Engineering. She has served more than 12 years in
Academic of research/Articles/journa s/funded projects.
Currently, she is working more than 6 years as an
Assistant professor in faculty of Computing and
Software Engineering, Ingtitute of Technology,
Arbaminch University, under the MOEFDRE, UNDP projects in Ethiopia
She published more than 20 International and National journas like
Sprniger, Scopus and UGC approved journa. She aso obtained one patent
for her work.

Mr. Abel Adane Changare has excelent
contribution in higher technical education in
Ethiopia. He has done his BSc. In Information
Technology, From Derbe Berhan University Ethiopia
2012 MSc. In software Engineering, from Adama
Science and Technology University Ethiopia
2017.Currently working as a Lecturer and Software
Chair under the Faculty of computing and software
Engineering in Institute of Technology in Arab
Minch University Ethiopia.

Published By:
Blue Eyes Intelligence Engineering

Exploring Innovation


http://www.ijitee.org/

